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Figure 16. Map showing relevant tweets in Switzerland between September 1st and September 5th. 

 
Figure 17. Map showing relevant tweets in Switzerland between September 19th and September 24th. 
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4.5 EXAMPLES OF TWEET CLASSIFIED AS ‘RELEVANT’ BY THE PLATFORM 
In this section, we show sample tweets that were classified as ‘Relevant’ at different dates and 
that match the eligibility criteria defined at the beginning of the project. Figure 18 shows that 
different people reported being positive to the COVID-19 after a test or reported having some of 
the symptoms of the list defined by the FOPH. These tweets were posted at different dates in 
September. 

 
Figure 18. Various tweets in French classified as Relevant by the platform 
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Figure 19 shows that we can target the relevant tweets that match the eligibility criteria among 
other tweets that can be considered as ‘False Positive’ (classified as ‘Relevant’ by the algorithm 
but not matching the criteria to be considered as ‘Relevant’. 

 
Figure 19. A pair of True Positive <Relevant> tweets amongst <False Positive> tweets. 

4.6 ESTIMATION OF CLASSIFICATION 
The table below provides an estimation of the tweets collected over the period of 60 days 
considered in this document. The table provides a summary of the total number of tweets 
collected by the platform, the number of tweets localized in Switzerland, the total number of swiss 
tweets classified as ‘Relevant’ and finally our rough estimation of the total number of tweets that 
should be considered as ‘Relevant’. It shows that less than 0.2% percent of the swiss tweets are 
relevant in reality. The algorithm successfully filters about 85% of the ‘Non Relevant’ swiss tweets 
but still misses ~14% of ‘Non Relevant’ tweets  

Table 1. Summary of tweets collected and processed by the platform. 

Total tweets collected 2’800’000 
Tweets localized in Switzerland 73’734 
Swiss tweets classified as Relevant 12’355 
Estimation of Swiss tweets really <Relevant> ~1000 
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5 CONCLUSION 
The current platform provides interesting insights on the mentions of the COVID’19 on Twitter 
social network and many opportunities to analyse the data. Trends and tendency can be observed 
over different periods of time, most referenced keywords can be identified and quantified, the 
localisation of tweets can be displayed on a map, etc.  

The current algorithm used to classify ‘Relevant’ and ‘Non Relevant’ samples is probably not 
powerful enough to identify correctly only the True Positives (= true ‘Relevant’) due to the noise, 
heterogeneity of the tweets as well as the quantity of data it has to process. It is however 
important to note that the current models already successfully filter many of the collected tweets; 
it successfully rejects about 85% of the ‘Non Relevant’ tweets; although probably ~14% are still 
not correctly rejected. In order to better understand those accuracies, we performed a qualitative 
analysis by reading all tweets classified as ‘Relevant’ for a few selected days and manually 
identified the ones that matched our initial criteria. Out of the 200 swiss tweets daily classified as 
‘Relevant ’, about 5 to 15 of tweets could really be considered as ‘Relevant’. This indicates that we 
are probably looking for ~5-20 ‘Relevant’ tweets out the 1250 collected daily from swiss 
individuals.  

In order to improve the accuracy in identifying on the True Positives Relevant‘ tweets, we plan, 
in the next steps, to investigate more advanced algorithms for natural language processing (NLP). 
In order to integrate them easily in the current platform, we need to update the platform and 
notably enable the possibility to choose from different algorithms.  

Finally, the collected data (Swiss tweets mentioning COVID-related keywords), which are being 
stored on our servers, may be used in many different ways in future projects to perform a 
posteriori analysis. We notably plan to investigate the timely evolution of the sentiments of the 
population on the COVID by analysing the valence of the collected tweets. We plan to perform 
such investigations through student projects in the future 

6 CONTACT 
If you have any question or remark regarding the data presented in this report, please feel free to 
contact one member of the development team using one of the addresses below: 

- Simon Ruffieux, project coordinator: simon.ruffieux@hefr.ch 
- Quentin Meteier, collaborator: quentin.meteier@hefr.ch 
- Omar Abou Khaled, professor: omar.aboukhaled@hefr.ch 


